Compared to the CPS data, there are fewer professional, sales and, especially, management jobs in the OES data, but more office/administrative, food preparation and production helper jobs. To the extent that occupation is systematically mis-measured in household survey data, estimates of the returns to job skills based on these data also may be distorted. In particular, if lower-skilled jobs are systematically misclassified in occupations that require the performance of highlycompensated skills, estimates of the returns to those skills are likely to be biased downwards.
I. Data on Occupational Employment, Job Skills and Wages
In this paper, we compare estimates of the returns to job skills based on CPS data for 2003 and 2004 to estimates for the same two years based on OES data. Both surveys provide data on employment and wages for nonagricultural wage and salary workers. For present purposes, we restrict our attention to private sector wage and salary jobs.
The CPS data we use are collected from the one-quarter of the CPS sample each month that is in its 4 th or 8 th month in sample. Employed respondents are asked to report the occupation of their main job and of any second job; information on wages is collected only for the main job.
Following Thomas Lemieux (2006) , we focus on the hourly wage, which is reported directly for persons paid by the hour and defined as usual earnings divided by usual hours for those paid on some other basis. 2 In contrast to some previous studies, we retain observations for which the wage is imputed in order to preserve insofar as possible the observed distribution of employment across occupations. Top-coded earnings are multiplied by a factor of 1.4 before proceeding with the analysis. We do not trim wage outliers, but our findings are not sensitive to the exclusion of observations with wages below $1.00 per hour and above $100.00 per hour. Wages are missing for approximately 8.6 percent of CPS jobs, including the 3.9 percent that are second jobs and the 4.4 percent that are classified as self-employed incorporated jobs.
In the 2003 and 2004 OES surveys, employers were asked to report the number of people employed, as of either May or November, by detailed occupation in each of the 12 wage intervals shown in Table 2 below. The present analysis makes use of data for November 2003 and November 2004. The underlying unit of observation in the OES data is jobs at an establishment in a particular occupation paying a wage in a specified wage interval. All of the 2 Missing hours were imputed using an algorithm developed by Lemieux based on advice from Anne Polivka of the Bureau of Labor Statistics. We thank Lemieux for sharing the SAS code to implement the algorithm with us.
estimates reported here are weighted as described in Abraham and Spletzer (2008) so that the data represent private sector jobs as of the reference dates. Changes in the coding of management occupations were introduced into the OES beginning in 1999. Both because these coding changes are a problem for the historical analysis planned in the next phase of our research and because we believe that the coding changes caused many people who should in fact have been categorized as managers to be coded as something else, we have reclassified about 1.5 million jobs each year as management jobs (see Abraham and Spletzer 2008) . We have no way to determine the specific type of management position held by those we reallocate into the management category; when job characteristics are assigned to these jobs, they are set at the management occupation average. Mean wages based on data from the National Compensation Among the 41 generalized activities, there are clusters of related activities that are highly correlated across occupations. For this analysis, we form three job activity measures that, based on an exploratory analysis of the data, seem to represent distinct activity dimensions. The first, intended to capture the importance of analytical skills, averages the responses to two questions about the importance of "making decisions and solving problems" and "updating and using relevant knowledge" on the job; the second, intended to capture the importance of interpersonal skills, averages the responses to two questions about the importance of "establishing and maintaining relationships" and "resolving conflicts and negotiating with others"; and the third, a physical activities variable, is based on the responses to a question about the importance of "handling and moving objects."
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Many of the CPS occupations are a direct match for the occupations included in O*NET Version 13.0. In other cases, the O*NET data are more detailed than the CPS data and the activity variable scores for the more detailed O*NET occupations can be aggregated up to the broader CPS occupation using OES employment weights. In a few cases, we could find no match for the CPS occupation in the O*NET data. About 2 percent of CPS employment was excluded from our regressions of wages on job skills for this reason. Our final data set includes data for 467 CPS occupations. For comparability, the OES data were aggregated up to the same match to the O*NET data and was excluded from our wage regressions.
II. Occupational Wages in the CPS and the OES
We begin by looking at the distribution of hourly wages in the CPS and the OES. As can be seen in Table 2 and also in Figure 1 , based on the CPS jobs for which we have wage information, the overall distribution of wages in the two surveys across wage intervals is fairly similar. The shares of jobs in the higher wage intervals are slightly higher in the OES data, but the differences in the two distributions are not visually striking. Somewhat surprisingly, given the apparent similarity of the two wage distributions, the overall mean OES wage, calculated based on the mean wage by wage interval, is nearly a dollar higher than the overall mean CPS wage calculated in the same fashion ($17.75 versus $16.82). A simple decomposition shows that more than 90 percent of this difference can be attributed to the larger share of OES jobs in the top three wage intervals.
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One possible explanation for the difference in mean hourly wages between the two surveys is that, for salaried workers, the CPS hourly wage is calculated as the ratio of earnings to hours worked and hours worked may exceed hours paid, producing a lower estimated hourly wage. We repeated our CPS calculations with all salaried workers treated as having worked a 40-hour week; this raised the estimated mean CPS wage from $16.82 to $17.40, closing much of the OES-CPS gap. Another contributing factor may be that CPS workers for whom we do not observe a wage are disproportionately highly paid.
We look next at mean wages by occupation in the two surveys. These data are shown in Table 3 and Figure 2 . For comparability between the two surveys, mean wages by occupation in the CPS are computed using "intervalized" data, though this has very little effect on the calculations. In lower-wage occupational groups, CPS and OES wages match fairly closely. In higher-wage occupational groups, however, OES wages often exceed CPS wages, in some cases by a considerable amount. Part of this may be attributable to the use of hours worked in the CPS and hours paid in the OES. Mean CPS wages by occupation calculated with all salaried workers treated as working a 40-hour week tend to be closer to mean OES wages, but substantial gaps remain. For managers, the adjusted CPS mean wage with the 40-hour adjustment is $30.74 rather than $27.68 in the original calculations, still considerably below the OES mean wage of $39.39. A second factor may be that, in some occupations, the earnings of those for whom CPS wages are missing have higher earnings than those with reported wages. Wages are missing in the CPS for 17 percent of managers, many of whom seem likely to be business owners. Another plausible explanation for mean wages in the OES in higher-paid occupations to exceed those in the CPS for the same occupations is that, in the CPS, there are a significant number of people assigned to higher-paid occupations who in fact work in lower-paid jobs, pulling down the estimated average wage for the higher-paid occupation. 
III. Returns to Skill in the CPS and the OES
The major question we seek to answer is how the different job activities for which we have information -analytical activities, interpersonal activities and physical activities -are related to earnings. To answer this question, we fit ln(wage) models in which these job activity measures serve as independent variables. All models shown in Table 4 also include a year dummy. For the first model estimated using the CPS data, the ln(wage) dependent variable uses the continuous wage constructed for individual observations; the second uses a wage that has been "intervalized" to correspond to the information available in the OES data. The results of the two models are virtually identical. In both, jobs that require more analytical activity pay significantly higher wages, while jobs that require more interpersonal activity or more physical activity pay lower wages. The last column of the table reports the corresponding model estimated using the OES data. Although the general pattern of the estimated coefficients is broadly similar, the estimated coefficient on the analytical activities variable is considerably larger in the OES equation. For someone who is one standard deviation above the occupational average with respect to the importance of analytical activities rather than one standard deviation below (based on either the CPS or the OES data), the estimated OES coefficients imply an effect on earnings that is roughly 15 percentage points larger than the effect implied by the estimated CPS coefficients. The estimated returns to analytical skills in the CPS are slightly higher in models estimated with a wage variable calculated with salaried workers constrained to work 40 hours per week, but this does not explain the difference between the CPS and the OES results.
Our findings are consistent with biased reporting of occupation and resulting bias in measures of the job activities performed by CPS respondents. In particular, to the extent that there is a systematic tendency for CPS respondents to be assigned to occupations in which highly-rewarded analytical skills are more important than in the jobs they actually perform, it is not surprising that the estimated returns to analytical skills should be biased downwards.
IV. Conclusion
This paper describes an exploratory analysis of estimated returns to job skills in data from the OES as compared to those from the CPS. Much of what is known about the determinants of earnings in the U.S. labor market is based on CPS data. There has been growing interest in the rewards to different job skills and other research has discussed the growing return to skills similar to those captured by our analytical skills measure. We find that estimates of returns to analytical job skills based on CPS data in fact understate the extent to which those skills are rewarded in today's labor market.
In future work, we plan to carry out a more formal factor analysis to identify job skill dimensions and then to examine how the job skill dimensions identified through the factor analysis are rewarded in the labor market. We also plan to extend our cross-sectional analysis to look at the returns to job skills over time as measured using OES versus CPS data.
